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Data Management & Quality
Overview
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What Is Data Quality?

o Data quality is the responsibility of the business and
Shared Responsibility technology and should be defined and solved as a
partnership

Mature data quality requires the ability to consistently
meet the customers expectations and to adapt to those
expectations as they change in a pro-active manner.

: Solving the data quality problems requires the
Operational Aoperationalizationo-dagf da
business processes & operations

Data Quality is not a single process or project. Itis a
Program holistic, ongoing program. It is a ongoing process, not an
end-point.
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Adaptable




Why Do We Need Data Quality
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Why Is Data Quality Important?

Poor D a

--

rmeniEliess gy LY \JS Enterprise Data
N 4.17\ '?“ P1I; NS5
Poor Data Quality Impacts ~ (=~
Inability To Integrate Data
Increased IT Costs \
Lost Confidence in Analytical Systems . .
Data Quality Gets Worse over Time

Failed Regulatory Compliance

Lost Business Opportunities

» Decreased Profits Costly TaCtlcaln data ﬁXES

Short-t erm 60remedi esd for data ¢gfixal
results, but maintenance is a resource-exhaustive activity; becomes
more and more expensive over time and still fails to meet overall
data quality objectives.
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Data Quality Problems

Problems Due to Poor Data Quality

Extra fime to reconcile data B1%

Dilery in deplaying @ new systam
|.ces of creditility in a system

Lot rewenue

btra costs (2.0, duplicate maifings)
Customer dissatisfaction
Compliance problems

Other
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What 6s expensi ve S
time. o6 Philip Crosjb)

A major financial services firm recently estimated the costs due to
poor data quality to the business and IT, to be $18M annually for
client related data.

A State Government Human Services Agency estimated annual
losses & fraud between $10M and $20M dollars due to missing
custody i nformation and missing
Support Enforcement & Chil dreno
A major communications company
customers because the addresses provided were non-deliverable.
Total Cost > $5.5M annually.



Regul atory Chall engese

1 Data Quality must be adequate to meet:
B New Financial Regulations
1 SOX
1 Office of Financial Research
B New Customer Managed Data Regulations
1 AML/KYC
1 Privacy (keeping promises about data)
B New Security Regulations
1 Insurance Black List Validation
1 Bank Transfer Validation
} Regulators are beginning to ask for
B Data Quality measurements
B You must to show you have Data Quality controls in place




Data Quality Maturity Model
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Data Quality Life-Cycle
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Data Quality Life - Cycle

The formal process to quantitatively evaluate & maintain the quality of
corporate data assets.

DISCOVERY
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Data Quality Life - C'- Stages
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" DATA QUALITY

DEFINITION

Subject Areas |
|

Data Sources |

DO Metrics | |

Data Inventory | |
B

usiness Rules | | =

DQ Dimensions | I

DQ SLA's

i"_ﬁEﬁTSLTRE_ 7

—————— ) Defect |

ANALYSIS | : Measurement | |

Data Profiling

| | Validation |

Root Cause | | |

Analysis | | Baseline/ |

Classifications J | Benchmarking :
----- |

| Feedback |

e —— )

REMEDIATION

Options &
Estimation

Prioritization

Recommendations

Cleanse/Correct

Enrichment

—— — — — — e e e

The formal process to quantitatively evaluate & Maintain the quality o
corporate data assets.

INSGHT

MONITOR

Auditing

Logging

Continuous
Monitoring

Automation

CONTROL

Defect
Prevention

Change
Management

Exception
Handling

|
|
|
|
I Trending
|
|
|
|

REPORTING
& ANALYTICS

Reporting

Scoring

Analytics

ALERTS
&

NOTIFICATIONS
Workflow

I
I
I
| |_intagration
|
|
|

MNotifications
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Data Quality Dimensions
&
Measurement
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Dimensions of Data Qu
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Data Quality Dimensions - Detall

: _ Timeliness refers to the time expectation for accessibility and availability
Timeliness of information. Timeliness can be measured as the time between when
information is expected and when it is readily available for use.
- Data must be valid for expected values. Examples of validity include DOB;
Validity valid values must be in date formats; valid domain values is another example.

Data across the enterprise should be in synch & consistent with each other.
Consistency may be defined within different contexts:

Consistency A (record-level consistency)

A (cross-record consistency)

A (temporal consistency)

The data is suitable for the purpose it was intended for. For example, in

Appropriateness order to calculate a personb6és age at
birth and policybés date of inception
marriage or policybds expiration date

Usability The data is usable within a useros c
accessible to the users.
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Data Quality Measures I Best Practices

ol f you cannot measure i DlordKelvin carnn

Metrics must be separated from contextual use, to allow the
same measurement to be used in different contexts with
different acceptable thresholds and weights.

Metrics must have business relevance: They must correlate to
improved business goals.

Metrics must be measurable, controllable, reportable and
trackable.

Data Stewards are responsible for determining and defining
relevant metrics.
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Data Quality Metrics I Business Impact Categories

Operating Costs

Workloads ) Government
Revenue . : Regulations
Processing Time : Industry
Sales Errors Credit Privac
Cash Flow Investment y

Processing Delays
Budget Forecast g Y

Relating Data Defects to Business Impacts helps determine
how the defects affect data consumers in a measurable way

Example: Missing Customer Address

A Complete customer records are required for credit -
checks ¢roicgkd) tand gover nmen
(oComplianceo)
AAbsence of address may | mpact
to cross sell (OLost RE
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Data Quality Program
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Data Quality Program 1 Best Practices

Treat data as a corporate asset.

Establish data governance program

Ensure high quality, available data definitions

Know and control data touch points

Data quality is not a one - off project

Data quality is a meta - data driven effort
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Data Quality Program Components
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